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ABSTRACT
Facial retouching is widely used in media and entertainment industry. Professional software usually requires a minimum level of user expertise to achieve the desirable results. In this paper, we present an algorithm to detect facial wrinkles/imperfection. We believe that any such algorithm would be amenable to facial retouching applications. The detection of wrinkles/imperfections can allow these skin features to be processed differently than the surrounding skin without much user interaction. For detection, Gabor filter responses along with texture orientation field are used as image features. A bimodal Gaussian mixture model (GMM) represents distributions of Gabor features of normal skin versus skin imperfections. Then, a Markov random field model is used to incorporate the spatial relationships among neighboring pixels for their GMM distributions and texture orientations. An expectation-maximization algorithm then classifies skin versus skin wrinkles/imperfections. Once detected automatically, wrinkles/imperfections are removed completely instead of being blended or blurred. We propose an exemplar-based constrained texture synthesis algorithm to inpaint irregularly shaped gaps left by the removal of detected wrinkles/imperfections. We present results conducted on images downloaded from the Internet to show the efficacy of our algorithms.

EXISTING SYSTEM
This system describes a novel inpainting algorithm that is capable of filling in holes in overlapping texture and cartoon image layers. This algorithm is a direct extension of a recently developed sparse-representation-based image decomposition method called MCA (morphological component analysis), designed for the separation of linearly combined texture and cartoon layers in a given image. In this extension, missing pixels fit naturally into the separation framework, producing separate layers as a by-product of the inpainting process. As opposed to the inpainting system proposed by Bertalmio et al., where image decomposition and filling-in stages were separated as two blocks in an overall system, the new approach considers separation, hole-filling, and denoising as one unified task. We demonstrate the performance of the new approach via several examples.

DISADVANTAGES
· Performance of the system is very low.
· Only the approximation result can be given not the accurate result.

PROPOSED SYSTEM
In this proposed system, we addressed some of the limitations of current facial retouching applications. We presented an algorithm incorporating Gabor features and texture orientation field of facial skin in the framework of GMM and MRF representations to detect wrinkles and other skin imperfections. Then, we presented an algorithm based on example-based texture synthesis to automatically inpaint the irregular gaps left by the removal of skin wrinkles/imperfections. Experiments on images downloaded from the Internet show the effectiveness of our algorithms. With minimum user interaction, the algorithms are able to detect and remove most of the wrinkles/imperfections. We discussed some of the challenges in detection and inpainting. Overall, our algorithm presents significant improved inpainting in cases where skin imperfections are more visible in the surrounding skin. This work can be extended to address the sagging of skin in more advanced stages of aging as well as to improve inpainting to address the artifacts caused by repetition.
 ADVANTAGES
· Removes most of the wrinkles without any beautification of skin.
· Performance was very high compared to previous techniques

SYSTEM REQUIREMENT:

HARDWARE REQUIREMENTS:
  
Processor 		: 	Intel 
Ram			:	2 GB (Minimum) 
Monitor		:	15” COLOR
Hard Disk		:	500 GB
Keyboard 		:	STANDARD 102 KEYS
Mouse		:	3 BUTTONS

SOFTWARE CONFIGURATION:
  
Operating System		:	Windows 7 / 10
Environment		:	MATLAB
Matlab		 	:	Version 18a
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