DISEASE AND PREVENTION SUGGESTION FOR AGRICULTURE USING MACHINE LEARNING

ABSTRACT
Crop and plant diseases entail serious implications for food security and production losses. Over the years, the lasting global trade and the changing climate have not only exacerbated the existing favorable conditions for plant and crop disease but have also created new conditions with which agriculture must now contend. As the Food and Agriculture Organization of the United Nations (FAO) asserts, plant pests and diseases are responsible for losses from 20% to 40% of annual global food production. This means that timely disease management will be necessary in order to address the increased food demand caused by population growth. In this system, we present an analysis and classification of research studies conducted over the past decade that forecast the onset of disease at a pre-symptomatic stage (i.e., symptoms not visible to the naked eye) or at an early stage. We examine the specific approaches and methods adopted, pre-processing techniques and data used, performance metrics, and expected results, highlighting the issues encountered.






EXISTING SYSTEM
Using the prediction techniques and intelligence, AI and machine learning have contributed a lot in the agricultural domain. In this chapter, we are focusing on an agrobot that analyses the plant’s need by checking the soil moisture and need of water in the plant. It also analyses other needs of the plant and discovers ways to increase the productivity of the plant. The bot has previously stored information of the diseases the plant would get affected from, and the machine is trained and tested to check the same. The main work of the bot is to capture the image with the camera that is attached with Raspberry Pi 4. The acrobat checks the input image by pre-processing the image and squinching the obnoxious raw material. The image acquisition is done, and the image is filtered and enhanced to give the best possible information. Raspberry Pi is trained with CNN algorithm. It does the feature scaling and finds the region of interest. The CNN checks whether the plant is infected or healthy. If the plant is infected, it predicts the disease the plant is suffering from, using the trained data.
DISADVANTAGES:
· Hardware requirement will be costlier.  
· Poor prediction performance 




PROPOSED SYSTEM
In this system, we present an analysis and classification of research studies conducted over the past decade that forecast the onset of disease at a pre-symptomatic stage (i.e., symptoms not visible to the naked eye) or at an early stage. We examine the specific approaches and methods adopted, pre-processing techniques and data used, performance metrics, and expected results, highlighting the issues encountered. The occurrence of plant and crop diseases is hugely dependent on weather and environmental fluctuations. A delicate aspect of this work is to examine the computational efficiency of each study in relation to other papers, as multiple techniques, datasets, and parameters were used and different approaches were considered; furthermore, various diseases and crops were analyzed under different conditions. A prediction model for plant and crop disease should consist of three mandatory steps: pre-processing, feature selection, and classification. A large variety of algorithms and techniques have been employed to predict the occurrence or severity of diseases affecting different crops and plants. From these, we observed that many scientific contributions focused on predicting the main diseases affecting agricultural crops.
ADVANTAGES
· SVM is more effective in high dimensional spaces.
· Prediction accuracy is high






SYSTEM REQUIREMENT:

HARDWARE REQUIREMENTS:
 
Processor			:	Intel Core i3 Processor
Speed				:   	2.5 GHz
RAM				:   	2GB (min)
Hard Disk			:	500MB
Key Board			:   	Standard Windows Keyboard
Mouse			:    	Two or Three Button Mouse
Monitor			:    	LCD

SOFTWARE CONFIGURATION:
 
Operating System		:	Windows 7 / 10
Environment		:	MATLAB
Matlab			:	Version 18a
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