OBJECT DETECTION AND TRACKING FOR COMMUNITY SURVEILLANCE USING TRANSFER LEARNING
ABSTRACT
Automation of Video surveillance is gaining extensive interest recently, considering the public security issues. In recent times, a systematic and exact detection of an object is a foremost point in computer vision technology. With the unfolding of recent deep learning techniques, the precision of detecting an object has increased greatly thereby igniting the interest in this area to large extent. Also, with the advent of automatic driving electric cars, the accurate detection of objects has gained phenomenal importance. The main aim is to integrate the state of-the-art deep learning method on pedestrian object detection in real-time with improved accuracy. One of the crucial problems in deep learning is using computer vision techniques, which tend to slow down the process with trivial performance. In this work, an improved Yolov3 transfer learning-based deep learning technique is used for object detection. It is also shown that this approach can be used for solving the problem of object detection in a sustained manner having the ability to further separate occluded objects. Moreover, the use of this approach has enhanced the accuracy of object detection. The network used is trained on a challenging data set and the output obtained is fast and precise which is helpful for the application that requires object detection.


EXISTING SYSTEM
Object Detection algorithms find application in various fields such as defense, security, and healthcare. In this paper various Object Detection Algorithms such as face detection, skin detection, color detection, shape detection, target detection are simulated and implemented using MATLAB 2017b to detect various types of objects for video surveillance applications with improved accuracy. Further, various challenges and applications of Object Detection methods are elaborated.
DISADVANTAGES
· Object detection is the inconsistent method of measurement of the output
· Detecting the image precisely and in real-time


PROPOSED SYSTEM
In this study, an efficient and accurate pedestrian detection algorithm is presented using the improved Yolov3 network. Initially, the process starts with image detection and extended the work to real-time video detection. In this work, the latest techniques in computer vision and deep learning were employed. The custom dataset was built using labeling tool and OID tool kit the evaluation was consistent. A video is shot using a mobile phone and the images captured were detected accurately. The new proposed model is based on the usage of the custom trained concept of harnessing the transfer learning to incrementally train the system. The system can be specifically trained with images of the people working in offices, schools, or communities for improving surveillance. Finally, the experimental results show the precedence of our algorithm over the other state of art methods. This can be used in real-time applications where object detection is necessary as pre-processing in their pipeline. An important scope would be to train a system on video sequence and use it in tracking applications.
ADVANTAGES
· Increase in the precision, recall, classification
· Evaluation was consistent.





SYSTEM REQUIREMENT:

HARDWARE REQUIREMENTS:
  
Processor 		: 	Intel 
Ram			:	2 GB (Minimum) 
Monitor		:	15” COLOR
Hard Disk		:	500 GB
Keyboard 		:	STANDARD 102 KEYS
Mouse		:	3 BUTTONS

SOFTWARE CONFIGURATION:  
Operating System		:	Windows 7 / 10
Environment		:	MATLAB
Matlab		 	:	Version 18a
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