IMAGE FEATURE EXTRACTION TECHNIQUES AND THEIR APPLICATIONS FOR CBIR AND BIOMETRICS SYSTEMs
ABSTRACT
Content Based Image Retrieval (CBIR) becomes a very challenging taks due to the rapid growth in multimedia content and its visual complexity. From query by image to retrieval of relevant images, CBIR has different phases. However, features extraction of images is one of the important phases. Recently Convolutional Neural Network (CNN) shows good results in the field of computer vision due to the ability of extraction features from the images. This paper introduces CNN for features extraction from images, in CBIR system. Euclidean distance is used for association among query and stored images using the extracted features. Performance of the proposed work is evaluated using precision. The proposed work shows improved results as compared to the existing works.


EXISTING SYSTEMS
Since last few years, Content Base Image Retrieval (CBIR) system has got more attention from its generic to specific use. CBIR depends upon visual low-Ievel feature extraction i-e color, texture, shape and spatial layout. In this paper, a Local Binary Patterns (LBP) has been employed for texture analysis of image and also it is compared with average RGB color image descriptor method. And then a complementary feature extraction approach using average RGB color and LBP texture method has been proposed for CBIR. Euclidean distance is used as similarity measure for finding similar images in the database. The experimental results are generated using MATLAB. The obtained results proved that the accuracy and efficiency of proposed method in terms of overall precision, recall, Cmeasure and retrieval time are quite higher than single color and texture feature extraction approach.
DISADVANTAGES
· They produce rather long histograms, which slow down the recognition speed especially on large-scale face database
· Under some certain circumstance, they miss the local structure as they don't consider the effect of the center pixel


PROPOSED SYSTEM
In this paper we propose deep learning algorithm called CNN for feature extraction in order to achieve better retrieval results for CBIR system, the proposed framework of CBIR using CNN as feature extractor. A. CNN for Feature Extraction The proposed work uses CNN as a feature extractor instead of any conventional feature extractor. CNN becomes a valuable research topic in the field of machine learning and computer vision. So the basic purpose of using CNN as a feature extractor is to compare CNN based CBIR system with conventional CBIR system in order to find if it’s better in any way. Beside image classification, CNN is also beneficial for object detection task. In this work we are utilizing CNN’s Alex Net architecture for feature extraction. The Alex Net has eight trained layers. The first five are convolutional layers while remaining three are the fully connected layers. This work utilizes the 7th layer of the architecture for feature extraction with the 4096 dimensions/features per image. The process of CNN’s Alex Net starts over the image dataset for feature extraction. Then stores the extracted features in a features database. A user then query an image in order to get the results based on the similarities of the extracted features by using a distance formula which ranks the result in descending order to get the top most relevant results.
ADVANTAGES
· It automatically detects the important features without any human supervision.
· Run on any device, making them universally attractive.


SYSTEM REQUIREMENT:

HARDWARE REQUIREMENTS:
  
Processor 		: 	Intel 
Ram			:	2 GB (Minimum) 
Monitor		:	15” COLOR
Hard Disk		:	500 GB
Keyboard 		:	STANDARD 102 KEYS
Mouse		:	3 BUTTONS

SOFTWARE CONFIGURATION:
  
Operating System		:	Windows 7 / 10
Environment		:	MATLAB
Matlab		 	:	Version 18a
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