U-NET AND ITS VARIENTS FOR MEDICAL IMAGE SEGMENTATION OF 2DTO 3D CONVERSION OF T IMAGES USING STCKING

ABSTRACT
The Computed Tomography (CT) scan image is the most reliable method and mostly used in radiotherapy as it is of low cost yet efficient compared to the Magnetic Resonance Imaging (MRI) scan.  For Brain CT scan application conversion of medical images and segmentation techniques are essential.  U-net is a neural network architecture designed primarily for image segmentation. These traits provide U-net with a high utility within the medical imaging community and have resulted in extensive adoption of U-net as the primary tool for segmentation tasks in medical imaging. The success of U-net is evident in its widespread use in nearly all major image modalities, from CT scans and MRI to X-rays and microscopy. Given that U-net’s potential is still increasing, this narrative literature review examines the numerous developments and breakthroughs in the U-net architecture and provides observations on recent trends. 







EXISTING SYSTEM
The existing system proposes the development of the image processing technique to reveal the information of the CT scan grey level intensity. This study proposes a computed technique in processing the CT scan images including the segmentation, enhancement and filtering processes. The clustering algorithm of Fuzzy C-Mean (FCM) is used to cluster the CT scan images into 3 regions. The FCM is used to separate the CT scan images into three parts namely the bone, brain and tumor regions. Then, the intensity of the regions obtained is measured and compared with HU. The result shows that there is a strong correlation between the grey level intensity value and HU. This computer-aided technique hopefully could help the radiologists to perform a diagnose on the brain tumor images.
DISADVANTAGES:
· Fuzzy C-Mean  gives results at the expense of more number of iteration 
· Efficiency level is low.








PROPOSED SYSTEM
	In proposed system we use U-net, which is a neural network architecture designed primarily for image segmentation. The basic structure of a U-net architecture consists of two paths. The first path is the contracting path, also known as the encoder or the analysis path, which is similar to a regular convolution network and provides classification information. The second is an expansion path, also known as the decoder or the synthesis path, The associate editor coordinating the review of this manuscript and approving it for publication was Junhua Li . consisting of up-convolutions and concatenations with features from the contracting path. This expansion allows the network to learn localized classification information. The 2D to 3D conversion technique plays a crucial role in the development and promotion of many applications especially in medical. Here, we will use stacking method for conversion.

ADVANTAGES
· U-net based architecture is quite ground-breaking and valuable in medical image analysis.
· Stacking make predictions that have better performance than any single model in the ensemble.






SYSTEM REQUIREMENT:

HARDWARE REQUIREMENTS:
 
Processor			:	Intel Core i3 Processor
Speed				:   	2.5 GHz
RAM				:   	2GB (min)
Hard Disk			:	500MB
Key Board			:   	Standard Windows Keyboard
Mouse			:    	Two or Three Button Mouse
Monitor			:    	LCD


SOFTWARE CONFIGURATION:
 
Operating System		:	Windows 7 / 10
Environment		:	MATLAB
Matlab			:	Version 18a
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